
Among social scientists, it is generally assumed—
implicitly, if  not explicitly—that prejudice is a 
dimensional attribute in which all individuals can 
be located somewhere along a continuum from low 
to high. By contrast, popular media and lay people 
sometimes describe those who espouse prejudicial 
attitudes toward racial or ethnic outgroup members 
as simply “racists” or “bigots” (ADL, 2005; CNN, 
2006a; Los Angeles Times, 2007; Wall Street Journal, 
2005; Washington Post, 2008). In the psychiatric 
community, it has even been proposed that racism 
should be considered a mental disorder (Bell, 
2004). Although this may be due to the correspon-
dence bias (Gilbert & Malone, 1995) in conjunc-
tion with the basic human tendency to categorize 

our social world (e.g., Macrae & Bodenhausen, 
2000), such classification may also reflect real, 
qualitative distinctions between prejudiced and 
non-prejudiced individuals. Despite the impor-
tance of  this question—whether prejudice is a 
matter of  degree or kind—no research has investi-
gated whether the latent structure of  prejudice is 
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best conceptualized as dimensional or dichoto-
mous. Moreover, this question has important 
implications for improving intergroup relations in 
multicultural societies. In the current research we 
provide evidence consistent with a dimensional 
latent structure of  explicit prejudice.

Early personality and social psychologists 
were much concerned with prejudice (e.g., 
Adorno, Frenkel-Brunswik, Levinson, & Sanford, 
1950; Allport, 1954/1979), and prejudice is still 
one of  the most-studied phenomena in the social 
sciences. In recent decades, research on prejudice 
has examined numerous aspects of  the topic. 
These include, among others, cognitive mecha-
nisms such as stereotyping and perceived out-
group variability (Fiske, Cuddy, Glick, & Xu, 
2002; Linville & Fischer, 1993; Ostrom & 
Sedikides, 1992); motivational processes such as 
social identification, group-serving bias, terror 
management, and perceptions of  the extent to 
which outgroups violate ingroup values (Biernat, 
Vescio, & Theno, 1996; Pettigrew, 1979; 
Pyszczynski et al., 2006; Tajfel & Turner, 1986); 
societal-level causes such as the justification of  
status inequalities (Jost, Banaji, & Nosek, 2004; 
Sidanius & Pratto, 1999); and automatic, non-
conscious mechanisms (e.g., Greenwald & Banaji, 
1995; Greenwald, McGhee, & Schwartz, 1998; 
Harris & Fiske, 2006; Phelps et al., 2000; 
Ronquillo et al., 2007).

Within the context of  individual differences, 
numerous prejudice-relevant constructs have been 
studied including social dominance orientation, 
right-wing authoritarianism, motivation to control 
prejudice, and belief  in a just world (Adorno et al., 
1950; Altemeyer, 1988; Lerner, 1980; Plant & 
Devine, 1998; Pratto, Sidanius, Stallworth, & Malle, 
1994; Sidanius & Pratto, 1999). Relevant to the 
current study is Adorno and colleagues’ classic 
research on the authoritarian personality (Adorno 
et al., 1950). Adorno et al. conceptualized authori-
tarians as a distinct personality type characterized 
by rigid conservatism, intolerance, and hatred of  
outgroups. Although Adorno et al.’s work has been 
criticized as being methodologically flawed and 
ideologically biased (Martin, 2001), this historical 
notion that prejudiced individuals could differ in 

kind from non-prejudiced individuals has never 
been empirically evaluated.

Personality types have a distinguished history 
in psychology. In addition to the authoritarian 
personality, other prominent examples include 
Carl Jung’s (1921/1923) typology (Myers, 1962); 
the Type A behavior pattern (Friedman & 
Rosenman, 1974); and more recently, the Type D 
(i.e., distressed) personality (Denollet, 2005). The 
decision to cast a personality variable as a type or 
a dimensional construct has largely been consid-
ered a matter of  theoretical preference. For 
example, Adorno et al. (1950) chose to categorize 
authoritarianism because “…the world in which 
we live is typed and produces different types of  
persons” (p. 747).

Why does the latent structure of  prejudice 
matter? Determining whether prejudice is a mat-
ter of  degree or kind has meaningful conse-
quences for how we assess prejudice and attempt 
to reduce it. Currently, the most commonly used 
method of  assessing explicit prejudice is to use 
ordinal self-report measures where averaged, 
composite variables are created from multiple 
interrelated items (e.g., Glick & Fiske, 1996; 
Henry & Sears, 2002; Katz & Hass, 1988; 
McConahay, Hardee, & Batts, 1981). If  the latent 
structure of  prejudice is indeed dimensional, then 
this is a reasonable assessment method. However, 
if  prejudice is dichotomous, the use of  methods 
such as cut-off  scores or the simple presence or 
absence of  specific criteria that indicate group 
membership may be more appropriate. This is 
because categorical assessment methods are 
designed to best discriminate at a specific point 
that differentiates the two groups rather than 
along the entire dimension.

Regarding real-world applications, empirical 
evidence for a dimensional construct of  preju-
dice would also encourage those who think of  
prejudice as a character flaw, exhibited by others, 
to reconsider their own potential for bigotry. To 
many who study racism, this is considered an 
essential step in prejudice reduction (Corlett, 
2003). There is indeed some evidence from recent 
American national surveys that most individuals 
do tend to disavow prejudice in themselves but 
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not others. A CNN poll reported that 43% of  
whites and 48% of  blacks know someone who is 
racist; however, only 13% of  whites and 12% of  
blacks reported being racist themselves (CNN, 
2006b). In another poll prior to the Obama/
McCain presidential election, only 5% of  white 
respondents reported that they would not vote 
for a black candidate, yet 19% estimated that 
most people they know would not vote for a 
black candidate (New York Times, 2008). Providing 
evidence of  a dimensional structure of  prejudice 
would make it more difficult for individuals to 
disavow their own prejudices. This could provide 
a motivational starting point for increasing the 
willingness to engage in behaviors that facilitate 
improved intergroup relations.

A group of  statistical methods known as taxo-
metrics has recently proven useful for empirically 
determining whether psychological constructs 
are best conceptualized as dimensional or taxonic 
(i.e., distinct categories). Taxometric methods 
offer a number of  advantages over other analyti-
cal methods such as latent class analysis (for a 
detailed discussion, see Ruscio, Haslam, & Ruscio, 
2006; Ruscio & Ruscio, 2004). Taxometric per-
sonality research has focused primarily on deter-
mining whether abnormal personalities are best 
considered types or dimensions. For instance, 
taxometric investigations have reported that anti-
social personality disorder (Marcus, Lilienfeld, 
Edens, & Poythress, 2006) and psychopathy 
(Edens, Marcus, Lilienfeld, & Poythress, 2006) 
are best conceptualized as dimensional con-
structs, despite the taxonic description they are 
given in the American Psychiatric Association’s 
classification system (2000).

The same logic underlying these investigations 
can be applied to normal individual differences. 
Specifically, a taxonic model would suggest that 
those possessing high levels of  a certain person-
ality characteristic are actually a different kind of  
person than those who possess lower levels of  the 
characteristic. In the context of  explicit racial 
prejudice, those who strongly endorse prejudiced 
beliefs may be classified as “racists”, whereas 
those who do not endorse such beliefs (or endorse 
them to a lesser extent) may be considered 

“non-racists” (e.g., Bell, 2004).1 By contrast, a 
dimensional explanation would suggest that prej-
udice is a matter of  degree. Levels of  prejudice can 
be ascribed to all individuals and quantified along 
a continuum from low to high. The dimensional 
model appears to be the default assumption 
about the latent structure of  most normal per-
sonality characteristics. This is evident in research 
on personality traits, the Big 5 personality dimen-
sions2 (Goldberg, 1993), and the preference given 
to factor analysis as the most commonly used 
analytic method to uncover latent personality 
dimensions. Indeed, in a discussion of  the dimen-
sional versus discrete nature of  personality, 
Gangestad and Snyder (1985) concluded: “over-
whelmingly, the basic units of  personality are 
presumed to be dimensions” (p. 318) and that 
in personality psychology, there is a “prejudice 
against class [categorical] variables” (p. 317). 
Thus, the currently dominant theoretical model 
in abnormal personality is taxonic, whereas in 
normal personality psychology, the dimensional 
model is more prominent.

Haslam and Williams (2006) reviewed the lit-
erature on normal individual differences and con-
cluded that despite its suitability, the application 
of  taxometric methods has not been widely 
implemented in this domain. Furthermore, 
Haslam and Kim (2002) noted that “no taxomet-
ric studies have addressed cognitive variables 
such as abilities, aptitudes, ideologies or attitudes”
(p. 308, italics added). The current investigation is 
the first such work. Given the psychological and 
social harm associated with discriminatory behav-
ior, investigation of  the latent structure of  explicit 
prejudice is clearly worthy of  investigation. 
Moreover, whereas the latent structure of  preju-
dice is assumed to be dimensional, this assump-
tion remains untested. Thus, the goal of  the 
present work is to empirically examine the latent 
structure of  prejudice.

What evidence suggests prejudice is dimen-
sional versus taxonic? Although this remains an 
open question, there are sound arguments in 
favor of  both outcomes. Because prejudice is an 
attitude, in terms of  a taxonic explanation, preju-
diced individuals should fundamentally differ 
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from non-prejudiced individuals in cognitive 
(prejudiced beliefs), affective (negative emotional 
reactions), and behavioral components (tendency 
toward discrimination). This taxonic explanation 
is echoed in Blum’s (2002) claim that racists are 
those for whom bigotry, antipathy, and contempt 
become a part of  the person’s psychological 
makeup. Furthermore, as the degree of  explicit 
prejudice has decreased in recent decades, it has 
become socially unacceptable to endorse racist 
attitudes or engage in discriminatory behavior. As 
a result, a categorical distinction may exist with 
anti-normative “racists” in one group and norm-
abiding “non-racists” in the other group. Thus, 
within a society (in this instance, the US), racists 
may form a distinct subculture with distinct affec-
tive, cognitive, and behavioral processes.

There is also theoretical justification to be 
made in favor of  a dimensional latent structure 
of  prejudice. Support for a dimensional model 
would be consistent with social psychological 
models of  the causes of  prejudice. Allport 
(1954/1979) identified a wide range of  causes of  
prejudice including cultural and situational vari-
ables such as the quality and quantity of  inter-
group contact. Because these variables are 
themselves dimensional (e.g., intergroup quality 
can vary from very poor to very good) and these 
causes of  prejudice demonstrate linear relation-
ships with prejudice, it seems that the most likely 
latent structure of  prejudice is dimensional. 
Indeed, the degree and quality of  contact indi-
viduals have with outgroup members influences 
prejudice in a linear and continuous manner (e.g., 
Pettigrew & Tropp, 2006). Further support for 
the dimensional structure of  prejudice is wit-
nessed in social influence explanations of  the 
development of  prejudice. For instance, individ-
uals vary in the extent to which they are exposed 
to influential sources of  prejudice (e.g., preju-
diced peers, biased media), and social influence 
models suggest that in the absence of  prejudice-
reducing moderators, the effects of  exposure to 
sources of  prejudice should linearly and addi-
tively increase prejudice. Another influential 
social psychological perspective on prejudice, 
realistic conflict theory (RCT), is also consistent 

with a dimensional conceptualization of  preju-
dice. According to RCT, individuals vary in the 
extent to which they perceive competition with 
outgroups. As with other social psychological 
perspectives on the causes of  prejudice, the key 
aspect of  RCT is that it is this continuous varia-
tion in the causal antecedent (i.e., perceived com-
petition or threat) that linearly determines the 
extent to which an individual endorses preju-
diced attitudes. In summary, a large body of  
social psychological theorizing and research on 
the causes of  prejudice is largely consistent with 
a dimensional latent structure.

The present research
We conducted two studies with the goal of  reconcil-
ing dimensional and categorical conceptualizations 
of  prejudice. This research was motivated by two 
untested assumptions. First, although there is some 
historical precedent for considering prejudiced indi-
viduals as a unique class of  individuals and the 
media still promote this view of  prejudice (e.g., 
Adorno et al., 1950; Bell, 2004; Blum, 2002), no 
research has examined whether prejudice can be 
conceptualized in this manner. Second, the dimen-
sional latent structure that is commonly assumed 
among social and personality psychologists has 
never been empirically validated, despite important 
implications for research and intergroup relations in 
multicultural societies. Thus, the present research 
examined whether prejudice should best be concep-
tualized as dimensional or categorical.

In the present research, participants completed 
three measures of  prejudice via the internet. We 
then applied two non-redundant taxometric meth-
ods to determine whether the latent structure of  
prejudice is best considered dimensional or cate-
gorical. Taxometric methods do not rely on tradi-
tional significance tests in order to reach a decision. 
Rather, taxonic and dimensional simulated data 
is created that shares the same distributional 
properties as the actual data. Researchers then 
compare the graphic output of  the actual data to 
the simulated taxonic and dimensional data. A 
conclusion is drawn when the actual data is more 
similar to either the taxonic or dimensional data. 
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A secondary quantitative analysis, known as a con-
sistency check, is also employed to aid in the deci-
sion-making. Furthermore, replication across two 
distinct taxometric methods lends confidence to 
the findings. Thus we utilized both the MAXimum 
COVariance (MAXCOV) and Mean Above Minus 
Below a Cut (MAMBAC) procedures in the present 
research.

Study 1
In this initial test of  the latent structure of  preju-
dice, Study 1 examined explicit prejudice toward 
Muslims in a sample of  undergraduate students. 
Specifically, participants completed three meas-
ures of  explicit prejudice, which we analyzed with 
two taxometric procedures.

Method
Participants and procedure  A total of  130 
(34% male, M = 19.2 years, SD = 1.57, ranging 
from age 18 to 26) California State University, 
Long Beach undergraduates completed the three 
measures of  explicit prejudice via the internet in 
exchange for extra course credit. The ethnic com-
position of  the sample was 39% white, 36% 
Hispanic, 19% Asian, 3% black, and 3% other 
ethnicity. There were no gender differences in 
levels of  prejudice.

Measures of  explicit prejudice  Because any 
single observed variable is an imperfect indicator 
of  a latent construct (i.e., contains error vari-
ance), taxometric procedures rely on multiple 
observed variables to measure the latent variable. 
We therefore selected three different types of  
indicators designed to assess common as well as 
unique aspects of  explicit prejudice. Each indica-
tor is described in turn.

Modern Racism Scale (MRS)    The MRS was 
originally designed to assess explicit attitudes 
toward African Americans (McConahay et al., 
1981). We modified the seven-item MRS by 
replacing the word “black” with “Muslim”. 
Sample items included “It is easy to understand 
the anger of  Muslim people in America” (reverse 

scored) and “Muslims should not push them-
selves where they’re not wanted”. Response 
options ranged from 1 (strongly disagree) to 5 
(strongly agree). The items were averaged. Higher 
scores represent more negative attitudes toward 
Muslims, M = 2.13, SD = 0.58, median = 2.21, 
values ranged from 1 to 5, a = .73.

Social Distance Scale (SDS)    The Bogardus 
(1933) seven-item Social Distance Scale was used 
to assess negative behavioral tendencies toward 
Muslims. Sample items included “I would admit 
Muslims as close relatives by marriage” and “I 
would admit Muslims as neighbors on the same 
street”. Response options were dichotomous 
forced choice (i.e., “yes” or “no”). “No” responses 
were summed to create an index of  social distance. 
Higher values represent more distancing away 
from Muslims, M = 1.62, SD = 0.95, median = 
1.00, values ranged from 0 to 7. The SDS was one 
of  the first attitude measures and is still in recent 
use (e.g., Angermeyer & Matschinger, 2003).

Negative traits    In order to assess stereotypical 
trait beliefs, participants indicated the percentage of  
Muslims that possess each of  five negative traits (i.e., 
physically violent, rebellious, criminal tendencies, 
dirty/smelly, and noisy). The scores from the five 
traits were averaged. Higher scores indicate an 
increasingly negative view of  Muslims (M = 30%,
SD = 20%, median = 27%, values range from 0 to 
100%, a =.84). Such percentage estimates of  stereo-
typical traits have been used in the prejudice literature 
(e.g., Jackson et al., 1996; Strube & Rahimi, 2006).

Taxometric procedures  Replication across 
more than one taxometric procedure is necessary 
in order to have confidence in the results obtained 
from these analyses. Thus, our analytic strategy 
consisted of  using two nonredundant taxometric 
methods developed by Meehl and Yonce (1994, 
1996): MAXCOV and MAMBAC. These proce-
dures use quantitative methods to determine 
whether qualitative differences exist in the latent 
structure in the construct of  interest, in our case, 
explicit prejudice. We used programs written by 
Ruscio et al. (2006) for the R software package. 
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For each method, we created 10 dimensional and 
10 taxonic simulated data sets based on the distri-
butional features of  the research data. Since skew 
may produce misleading results (e.g., peaks in the 
absence of  a taxonic latent structure; see Ruscio, 
Ruscio, & Keane, 2002, 2004), simulated data pro-
vides advantages because it enables comparison 
of  the taxometric results between the research 
data and simulated data with the same skew and 
kurtosis (Ruscio, 2007; Ruscio & Marcus, 2007; 
Ruscio, Ruscio, & Meron, 2007). Such parallel 
analyses with simulated data are now common 
procedures in taxometric investigations (e.g., 
Denson & Earleywine, 2006; Marcus, Johns, & 
Edens, 2004; Ruscio & Marcus, 2007; Ruscio 
et al., 2002, 2004).

The concept underlying MAMBAC is that if  
the construct is discrete, there should be an opti-
mal score that separates the two groups (Meehl & 
Yonce, 1994; Ruscio et al., 2006). Ruscio et al.’s 
(2006) MAMBAC program allows analyses with 
one variable serving as an output variable, while a 
composite of  the remaining indicators serves as 
the input variable, thus providing more power 
than traditional MAMBAC procedures. Our 
MAMBAC analysis therefore produced three 
graphs, one for each indicator. Cases were 
ordered along the input variable. Each composite 
input indicator was then partitioned into 50 
evenly spaced cuts beginning at 25 cases from 
each extreme. At each cut, the variables were 
standardized and the difference score of  the 
means on the output variable for those cases 
located above and below the cut were plotted on 
the y-axis. A peak in the graph, which represents 
the optimal point for maximally separating the 
two groups, indicates taxonicity. Dimensional 
results appear nonpeaked.

We relied on MAXCOV as our second non-
redundant taxometric procedure (Meehl & Yonce, 
1996; Ruscio et al., 2006). In MAXCOV one indi-
cator serves as an input variable (x) and the 
remaining two indicators serve as output variables 
(y). Thus, the current data were ordered according 
to their scores on each of  the three explicit preju-
dice measures (i.e., the input variable). They were 
then transformed into standardized scores, and 

cut into 50 sections overlapping by 90% (i.e., win-
dows with 90% overlap). For each of  three input 
variables, the remaining two items were removed 
to serve as output variables. The covariance of  
the two output variables was then plotted on the 
y-axis for each of  the 50 windows across the 
x-axis. This process was repeated for all additional 
combinations of  two output variables. Taxonic 
figures generally have a peak in the section where 
the taxon and complement groups are most evenly 
split. Dimensionality is generally indicated by a 
nonpeaked curve. Variables were standardized for 
the analyses.

In addition to the visual inspection of  the 
graphs, for each of  the taxometric procedures, we 
relied on a secondary check of  the latent structure 
of  prejudice. This consistency test (Ruscio et al., 2006) 
consisted of  examining the Comparison Curve Fit 
Index (CCFI). The CCFI is a quantitative measure 
of  relative fit, which assesses the degree to which 
the research data resemble dimensional or taxonic 
latent structure. Values range from 0 to 1. A value 
of  .50 indicates equally good fit of  dimensional 
and taxonic models and to the extent that the 
CCFI is below (above) .50, it provides increasingly 
strong evidence supporting dimensional (taxonic) 
structure (Ruscio et al., 2006).

Results and discussion
MAMBAC 
Indicator validities and nuisance covariance    Prior to 
conducting taxometric analyses, one must first 
examine the suitability of  the data for these pro-
cedures. This entails (a) ensuring that the indica-
tors are of  sufficient validity to detect the 
existence of  a taxon should one exist, and (b) 
ensuring that the mean correlation among the 
measures in the putative taxon and complement 
groups is small (also known as nuisance covari-
ance). In the context of  taxometrics, indicator 
validity refers to large enough standardized mean 
differences in scores on each of  the three indica-
tors between the putative taxon and comple-
ments groups.

Using the MAMBAC base rate estimate, the 
standardized mean differences between members 
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of  the putative taxon (N = 54) and complement 
(N = 76) groups were calculated for each of  the 
three indicators. These validity estimates revealed 
adequate validities for the MRS (1.46), social dis-
tance measure (1.27), and the negative stereotypic 
traits (1.41). The average indicator validity was 
1.38 (SD = .10), larger than the suggested average 
minimum of  1.25 (Meehl, 1995). Table 1 displays 
the correlations among the measures. As expected, 
there were significant correlations among all of  
the measures in the full sample but not in the 
putative taxon and complement groups. Indeed, 
nuisance covariance was extremely low. The mean 
correlation among the measures was larger in the 
entire sample, r = .30, SD = .04, than the mean 
correlations in the putative taxon group, r = -.05, 
SD = .09, and putative complement group, r = 
.03, SD = .11. Thus, the data were considered suit-
able for conducting the MAMBAC analyses.

Results    Figure 1 presents the averaged curve for 
the research data as well as the 10 simulated taxonic 
and 10 simulated dimensional datasets. As can be 
seen in Figure 1, the results for the primary analy-
ses supported a dimensional latent structure. 
Specifically, the simulated taxonic data peak in the 
upper third of  the distribution, whereas the 
research data and simulated data appear flat. Thus, 
the research data more strongly resemble the 

simulated dimensional data than taxonic data. 
Moreover, the low CCFI value (CCFI = .248) sug-
gested that these results strongly favor a dimensional 
latent structure of  explicit prejudice toward Muslims.

Table 1. Correlations among the measures as a function 
type of  analysis and putative group membership for 
Study 1 indicators.

	 MRS	 SDS

Full sample (N = 130)
    SDS	 .30***	 –
    Neg. traits	 .33***	 .27**
MAMBAC procedures 
Putative taxon (n = 54)
    SDS	 -.00	 –
    Neg. traits	 .01	 -.15
Putative complement (n = 76)
    SDS	 -.05	 –
    Neg. traits	 -.02	 .16
MAXCOV procedures
Putative taxon (n = 77)
    SDS	 .03	 –
    Neg. traits	 .02	 .03
Putative complement (n = 53)
    SDS	 .02	 –
    Neg. traits	 -.12	 .12

Note: **p < .01; ***p < .001.

40

0.
2

Research Data

Input (Cases)

M
ea

n
 D

if
fe

re
n

ce

Taxonic Comparison Data

Input (Cases)

Dimensional Comparison Data

Input (Cases)

0.
4

0.
6

0.
8

0.
2

M
ea

n
 D

if
fe

re
n

ce

0.
4

0.
6

0.
8

0.
2

M
ea

n
 D

if
fe

re
n

ce

0.
4

0.
6

0.
8

60 80 100 40 60 80 100 40 60 80 100

Figure 1. The averaged MAMBAC curves for the research data, simulated taxonic data, and simulated 
dimensional data for Study 1. The simulated data was based on 10 simulations. The x-axis represents the average 
of  all possible composites of  two of  the three indicators ordered and cut at 50 intervals beginning 25 cases 
from either extreme. This is the input variable. The variable not included as part of  the input variable composite 
served as the output variable. At each cut, mean scores for those cases above and below the cut value were 
calculated. This mean difference is plotted on the y-axis. All variables were standardized. The research data more 
closely resemble the simulated dimensional data than the simulated taxonic data.
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MAXCOV
Indicator validities and nuisance covariance    Using
the MAXCOV base rate estimate, the standard-
ized mean differences between members of  the 
putative taxon (N = 77) and complement (N = 
53) groups were calculated for each of  the three 
indicators. These validity estimates revealed ade-
quate validities for the MRS (1.76) and negative 
stereotypic traits (1.25), but the validity for the 
social distance measure was lower (0.96). 
However, the average indicator validity was 1.32 
(SD = .40), larger than the suggested average 
minimum of  1.25 (Meehl, 1995). Nuisance cov-
ariance was extremely low. The mean correlation 
among the measures was larger in the entire sam-
ple, r = .30, SD = .04, than the mean correlations 
in the putative taxon group, r = .03, SD = .01, 
and putative complement group, r = .01, SD = 
.12. Thus, the data were considered suitable for 
conducting the MAXCOV analyses.

Results    The results for the primary analyses 
were somewhat ambiguous. Figure 2 presents the 
averaged curve for the research data as well as the 
10 simulated taxonic and 10 simulated dimen-
sional datasets. The research data slightly resem-
bled the simulated dimensional data; however, the 
CCFI value (CCFI = .497) suggests that no con-
clusion should be made about the latent structure 

of  explicit prejudice toward Muslims based on 
the MAXCOV procedure. One possible reason 
for this failure of  the MAXCOV procedure to 
provide stronger evidence in favor of  a dimen-
sional or taxonic structure is that the mean indi-
cator validity was barely above the recommended 
minimum value. The low validity was likely due to 
sampling error resulting from our relatively small 
sample. Study 2 addressed this limitation.

Study 2
In Study 2, we examined explicit prejudice toward a 
second outgroup (i.e., Hispanics) in a much larger 
sample of  American internet users. Results consist-
ent with a dimensional latent structure in this larger 
sample would lend more confidence to our notion 
that explicit prejudice should best be conceptualized 
as dimensional. In Study 2, we examined prejudice 
against Hispanics in the context of  the 2006 immi-
gration debate in the United States. This period was 
characterized by sending National Guard soldiers to 
stop illegal immigration at the border with Mexico, 
government crackdowns on employers hiring illegal 
aliens (81% of  whom are from Mexico and other 
Latin American countries; Passel, 2005), a debate in 
the federal government regarding building a 
wall between Mexico and the United States, and 
a nationwide event, dubbed “A Day Without 
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Figure 2. The averaged MAXCOV curves for the research data, simulated taxonic data, and simulated 
dimensional data for Study 1. The simulated data was based on 10 simulations. The x-axis represents a composite 
of  two of  the three prejudice measures ordered and divided into 50 sections (i.e., windows) with 90% overlap 
(n = 22 per window). This is the input variable. The correlation between the remaining two indicators (output 
variables) is plotted on the y-axis for each window. This process was repeated for all three possible input–output 
combinations. All variables were standardized. These results were somewhat ambiguous, although the research 
data slightly more closely resemble the simulated dimensional data than the simulated taxonic data.
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Immigrants” in which hundreds of  thousands of  
primarily Hispanic individuals took to the streets in 
protest of  proposed immigration legislation (CNN, 
2006c).

This time period was especially appropriate 
because for many Americans Hispanic immigra-
tion is a source of  both symbolic and realistic 
threats to the ingroup (Stephan & Stephan, 2000). 
Symbolic threats are perceptions that the 
ingroup’s norms and ways of  life are being sub-
verted by the outgroup (e.g., “America is turning 
Hispanic”). Indeed, many protesters carried 
Mexican flags on the “Day Without Immigrants”. 
Realistic threats represent competition between 
the ingroup and outgroup over scarce resources 
(e.g., “Hispanics are taking American jobs”). In 
the context of  this debate, we expected that prej-
udiced individuals would be more likely to express 
their true levels of  prejudice, because they would 
feel justified in defending themselves against 
these two types of  perceived threats. More spe-
cifically, by eliciting true levels of  explicit preju-
dice, this sampling strategy would permit us to 
obtain data from enough highly prejudiced indi-
viduals to detect a categorical distinction between 
racists and non-racists, should one exist.

Method
Participants, materials, and procedure  A 
total of  448 (60% male, M = 46.2 years, SD = 
15.9, ranging from age 18 to 86) non-Hispanic 
participants completed the same three measures 
of  explicit prejudice used in Study 1 at a time and 
place of  their choosing via the internet. The 
measures were modified to refer to Hispanics 
rather than Muslims. These measures were the 
MRS (M = 3.34, SD = 1.22, median = 3.57, a = 
.92), SDS (M = 1.49, SD = 2.20, median = 0), and 
negative traits (M = 38%, SD = 26%, median = 
31%, a = .91).3

In an effort to obtain a sufficient number of  
prejudiced individuals in the general population, 
we recruited participants from either a website 
dedicated to the discussion of  immigration 
issues (n = 286), or through an advertisement 
directed toward those individuals who used the 

Google search engine (n = 162) to locate immi-
gration-related topics (e.g., illegal immigration, 
Mexican immigration, illegal aliens). The ethnic 
composition of  the sample was 87% white, 
8% black, 4% Asian, and less than 2% Native 
American.4 The median and modal education 
was “some college.”

Results and discussion
Demographic variables  Men reported 
higher scores on the MRS than women, Mmen = 
3.53, SDmen = 1.10, Mwomen = 3.05, SDwomen = 1.33, 
T*Y = 3.72, p = .002 (Wilcox, 2005).5 Men and 
women did not differ on the social distance or 
negative trait measures. Older age was related to 
increased scores on the MRS, r = .39, p < .001, 
and marginally more social distance items, r = .08, 
p = .10, but was unrelated to the trait measure. 
More education was related to lower scores on 
the MRS, r = -.11, p = .02, and marginally less 
negative traits, r = -.09, p = .07, but was unrelated 
to the social distance measure. Whites reported 
higher scores on the MRS than (non-Hispanic) 
participants of  color, Mwhites = 3.41, SDwhites = 1.20, 
Mof  color = 2.90, SDof  color = 1.26, T*Y = 2.78, p = .01, 
but the two groups did not differ on the other 
two indicators. Participants who responded to the 
immigration website reported higher scores on 
the MRS, M = 3.63, SD = 1.07, than the Google 
search, M = 2.84, SD = 1.29, T*Y = 6.79, p < .001. 
They also reported higher scores on the SDS, 
M = 1.63, SD = 2.20 vs. M = 1.24, SD = 2.17, 
T*Y = 2.95, p < .001, and negative traits, M = 
39%, SD = 25 vs. M = 35%, SD = 28, T*Y = 2.43 
p = .01, although these latter two effects were 
quite small in magnitude, Cohen’s ds = .18 and 
.15, respectively.6

MAMBAC
Indicator validities and nuisance 
covariance    Using the MAMBAC base rate 
estimate, the standardized mean differences (i.e., 
Cohen’s d) between members of  the putative 
taxon (N = 166) and complement (N = 282) 
groups were first calculated. These validity 
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estimates revealed adequate validities for the 
MRS (1.90), social distance measure (1.93), and 
the negative stereotypic traits (2.18). Thus, the 
average indicator validity was 2.01 (SD = .15), 
larger than the suggested minimum of  1.25 
(Meehl, 1995). As expected, the mean correlation 
among the measures was fairly large in the entire 
sample, r = .56, SD = .04, yet nuisance covari-
ance was fairly low. The mean correlations in the 
putative taxon group, r = .15, SD = .13, and 
putative complement group, r = .15, SD = .14, 
were considerably smaller. Thus, the data were 
deemed suitable for conducting the MAMBAC 
analyses. The correlations among the complete 
set of  measures are presented in Table 2.

Results    Figure 3 presents the averaged
curve for the research data as well as the 10 sim-
ulated taxonic and 10 simulated dimensional 
datasets. As expected, the simulated taxonic data 
appeared to peak at the upper third of  the 
ordered sample, whereas the simulated dimen-
sional data appeared concave and non-peaked. 
The research data most strongly resembled the 
simulated dimensional data. Examination of  the 
individual indicator curves demonstrated a 
dimensional appearance for all three measures, 
i.e., non-peaked. The relatively small CCFI value 
provided further evidence for a dimensional 
structure of  explicit prejudice, CCFI = .246. 

In summary, these results provide consistent 
evidence of  a dimensional latent structure of  
explicit prejudice.

MAXCOV
Indicator validities and nuisance covariance   
Using the MAXCOV base rate estimate, the 

Table 2. Correlations among the measures as a function 
type of  analysis and putative group membership for 
Study 2 indicators.

	 MRS	 SDS

Full sample (N = 448)
    SDS	 .52***	 –
    Neg. traits	 .58***	 .59***
MAMBAC procedures 
Putative taxon (n = 166)
    SDS	 .15	 –
    Neg. traits	 .03	 .28***
Putative complement (n = 282)
    SDS	 .19**	 –
    Neg. traits	 .26***	 -.01
MAXCOV procedures
Putative taxon (n = 148)
    SDS	 .25**	 –
    Neg. traits	 .14	 .50***
Putative complement (n = 300)
    SDS	 .30***	 –
    Neg. traits	 .38***	 -.07

Note: **p < .01; ***p < .001.

Figure 3. The averaged MAMBAC curves for the research data, simulated taxonic data, and simulated 
dimensional data for Study 2. The simulated data was based on 10 simulations. The x-axis represents the average 
of  all possible composites of  two of  the three indicators ordered and cut at 50 intervals beginning 25 cases 
from either extreme. This is the input variable. The variable not included as part of  the input variable composite 
served as the output variable. At each cut, mean scores for those cases above and below the cut value were 
calculated. This mean difference is plotted on the y-axis. All variables were standardized. The research data more 
closely resemble the simulated dimensional data than the simulated taxonic data.
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standardized mean differences (i.e., mean differ-
ences expressed in standard deviation units; also 
known as Cohen’s d) between members of  the 
putative taxon (N = 148) and complement (N = 
300) groups were calculated for each of  the three 
indicators. These validity estimates revealed ade-
quate validities for the MRS (1.46), social distance 
measure (1.85), and the negative stereotypic traits 
(2.18). Thus, the average indicator validity was 
1.83 (SD = .36), larger than the suggested average 
minimum of  1.25 (Meehl, 1995). Nuisance cov-
ariance was fairly low. Specifically, the mean 
correlations in the putative taxon group, r = .30, 
SD = .18, and putative complement group,
r = .20, SD = .24, were of  moderate magnitude, 
and were no larger than .30 as suggested by Meehl 
(1995). Thus, the data were considered suitable 
for conducting the MAXCOV analyses.

Results    Figure 4 presents the averaged curve
for the research data as well as the 10 simulated 
taxonic and 10 simulated dimensional datasets. As 
expected, the simulated taxonic data appeared 
peaked, whereas the simulated dimensional data 
appeared primarily flat and slightly irregular. The 
research data most strongly resembled the simu-
lated dimensional data. Examination of  the indi-
vidual indicator curves demonstrated a dimensional 
appearance for all three measures, i.e., non-peaked. 

The relatively small CCFI value provided further 
evidence for a dimensional structure of  explicit 
prejudice, CCFI = .286. In summary, these results 
provide consistent evidence of  a dimensional 
latent structure of  explicit prejudice.

General discussion
Two studies using two non-redundant taxometric 
methods examined the latent structure of  explicit 
prejudice toward two outgroups. This was the 
first use of  these methods to assess the latent 
structure of  attitudes. Although not entirely une-
quivocal, the findings from Study 1 were largely 
consistent with a dimensional latent structure of  
explicit prejudice. Specifically, the MAMBAC 
analyses strongly supported a dimensional struc-
ture whereas the MAXCOV analyses did not sup-
port either a dimensional or taxonic structure. 
The results of  Study 1 should be interpreted 
more cautiously than those of  Study 2 due to the 
smaller sample size in the first study. Study 2 pro-
vided stronger empirical support for a dimen-
sional conceptualization of  the latent structure 
of  prejudice. This finding was further bolstered 
by dimensional conclusions from a secondary 
consistency check within each method. Taken 
together, the results of  the current investigation 
suggest that the latent structure of  prejudice is 

Figure 4. The averaged MAXCOV curves for the research data, simulated taxonic data, and simulated 
dimensional data for Study 2. The simulated data was based on 10 simulations. The x-axis represents a 
composite of  two of  the three prejudice measures ordered and divided into 50 sections (i.e., windows) with 
90% overlap (n = 76 per window). This is the input variable. The correlation between the remaining two 
indicators (output variables) is plotted on the y-axis for each window. This process was repeated for all three 
possible input–output combinations. All variables were standardized. The research data more closely resemble 
the simulated dimensional data than the simulated taxonic data.
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best conceptualized as dimensional in nature and 
not categorical.

Social scientists continue to try to explain the 
systemic racial divisions visible in society given 
the fact that the levels of  “old fashioned” explicit 
racism have fallen (Pena, Sidanius, & Sawyer, 
2004; Sax, Lindholm, Astin, Korn, & Mahoney, 
2002). In recent years, research focusing on the 
assessment of  implicit prejudice has provided 
one explanation for the continued existence of  
prejudice. This research has revealed the exist-
ence of  subtle biases, often outside of  conscious 
awareness, favoring ingroups over outgroups. 
One of  the reasons that implicit tests of  racism 
are intriguing is that it allows us to find conver-
gent evidence for the racism that we see in society 
and the racism that we posit to exist in the aver-
age person. Still, many people who take implicit 
racism tests may doubt the meaning of  their own 
test results (e.g., Blanton & Jaccard, 2006). 
Although there may indeed be valid methodo-
logical reasons for doubt (Brendl, Markman, & 
Messner, 2001), people’s scepticism is likely bol-
stered by motivated reasoning to see oneself  as 
“not a racist”. While psychologists may have 
nuanced ideas as to what constitutes racism, 
Sommers and Norton (2006) have shown that the 
average person is more likely to think of  old fash-
ioned blatant racism when characterizing racists. 
Further, those individuals who score higher on 
the MRS were found to be less likely to include 
more subtle and psychological factors in deter-
mining whether or not someone could be consid-
ered racist. Yet it is these very people who need to 
be open to interventions to address their subtle 
form of  racism if  societal racism is ever to be 
addressed. Publicized empirical evidence that rac-
ism is a dimension rather than a kind will hope-
fully help in this regard.

These current results have implications for 
assessment and research. First, our findings sug-
gest that individual differences in prejudice 
should continue to be assessed with ordinal and 
continuous measures, and future measures of  
prejudice should also use these scales of  meas-
urement. Thus, this commonly used assessment 
method appears warranted, but measures based 

on categorical classifications are not. Thus, it 
would not be fruitful to search for prejudiced 
“types” but rather, future research should focus 
on determining what contributes to the develop-
ment of  prejudice and what factors might reduce 
its harmful effects. In this manner, prejudice 
reduction interventions could be targeted toward 
all individuals as incremental reductions in preju-
dice would be possible for individuals of  varying 
levels of  prejudice. However, such an approach 
might best take into consideration individuals’ 
latitudes of  acceptance and rejection regarding 
prejudice. Individuals maintain a range of  
acceptance around a certain attitude which is 
typically truncated by high levels of  personal 
involvement (Sherif  & Sherif, 1967). Thus, those 
who endorse high levels of  explicit prejudice 
might be most responsive, if  at all, to attitude 
change messages that are only slightly discrepant 
from their current views. Attempts at attitude 
change are likely to be more difficult and time-
consuming with such individuals than with rela-
tively less prejudiced individuals who are likely to 
have a latitude of  rejection that precludes the 
endorsement of  even somewhat prejudiced atti-
tudes. Such individuals would therefore be more 
amenable to anti-prejudice messages than highly 
prejudiced individuals.

We also note that we have used the terms 
“taxon” and “type” interchangeably. A prejudiced 
personality type, such as Adorno et al.’s (1950) 
conceptualization of  the authoritarian personal-
ity, is only one manner by which individuals might 
differ in kind. The hypothesis that we tested in the 
present research refers only to prejudicial atti-
tudes as indicated by our selection of  measures. 
Although we assessed three different aspects of  
prejudice, we did not examine related, correlated 
attributes that might constitute a prejudiced 
“type” of  person. Our data do, however, suggest 
that at least one core aspect of  such a personality 
type—prejudicial attitudes—differs in degree 
rather than kind.

The current work was also limited in some 
aspects. One limitation concerns our slightly lim-
ited selection of  prejudice measures. We selected 
the three indicators because they assessed unique 
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aspects of  prejudice (i.e., modern racism, behav-
ioral inclinations toward discrimination, and ster-
eotype endorsement) and because all three 
measures were disparate in their response 
options (i.e., Likert-type scales, forced choice, 
and percentage estimates), thus eliminating 
unwanted shared method variance. Still, it is pos-
sible that our results would have differed had we 
chosen other measures of  explicit prejudice. 
Finally, combined data sets might contribute to 
spurious taxonic findings. Recall that the two sets 
of  participants in Study 2 differed on some of  
the prejudice measures. Typically mixed samples 
of  this nature would increase the chance of  pro-
ducing categorical findings. However, since our 
data demonstrated a dimensional solution even 
despite these mean differences in website recruit-
ment, combining the data sets did not pose a 
threat to the validity of  our results and provided 
support for the robustness of  the dimensional 
solution.

Prejudice is a serious threat to the egalitarian 
aims of  modern, democratic, multicultural socie-
ties. Martin Luther King, Jr., (1964) in a letter 
from a Birmingham jail, revealed his disappoint-
ment with white clergymen, who shared his goals, 
but resisted taking action. Perhaps these clergy-
men saw the prejudice of  their time as something 
outside of  themselves and their immediate con-
trol. The present research may help us reduce the 
chance of  making this same mistake by confirm-
ing what many psychologists assumed, but what 
many lay people do not (Blum, 2002; Corlett, 
2003; Sommers & Norton, 2006): that racists are 
not a separate kind of  people, but rather individu-
als who demonstrate a greater degree of  prejudice 
along a common dimension.

Notes
1.	 It is also important to note that a taxonic concep-

tualization does not exclude continuous variation. 
For example, prejudice may consist of  two distinct 
categories; however, each category would possess 
some degree of  within-class variability. In other 
words, individuals are not all identical within a sin-
gle category.

2.	 On a historical note, extraversion was once con-
ceptualized as a discrete type (cf. Myers, 1962).

3.	 Because the SDS was skewed, as a sensitivity test, 
we replicated the dimensional results with a log-
transformation of  this variable.

4.	 In order to be certain that the results obtained 
were not due to the inclusion of  participants of  
color in the sample, we conducted additional analy-
ses with only white participants (N = 388). These 
results replicated the dimensional findings in the 
larger sample. We report the results for the entire 
sample because it more accurately represents the 
population that we wish to generalize to (viz. the 
non-Hispanic US population).

5.	 Recently, Wilcox and Keselman (2003) reviewed a 
substantial body of  evidence suggesting that tradi-
tional methods of  inferential statistics based on 
means perform poorly under most circumstances 
encountered in psychological research (e.g., heavy 
tails, slight skewness, heteroscedasticity). These 
authors demonstrated that bootstrap methods 
and analyses with trimmed means provide superior 
performance relative to traditional procedures. 
Because socially undesirable behaviors such as prej-
udice are not well approximated by normal distribu-
tions and because arbitrarily small violations of  the 
assumptions of  normality or homogeneity of  vari-
ance may greatly decrease the sensitivity of  tradi-
tional analysis of  variance methods and produce 
biased results (Wilcox, 1998; Wilcox, 2005; Wilcox 
& Keselman, 2003), we adopted the robust statisti-
cal methods advocated by Wilcox and colleagues. 
These methods accurately control Type I error rate, 
provide increased power, and tolerate violations of  
the homogeneity and normality assumptions.

6.	 Combined data sets might contribute to spurious 
taxonic findings. However, since our data demon-
strated a dimensional solution despite mean differ-
ences in website recruitment, combining the data 
sets did not pose a threat to the validity of  our 
results and provided support for the robustness of  
the dimensional solution.
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